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Action Detection Based on Region Spatiotemporal

Two-in-One Network

TANG Qiang, ZHU Yu, ZHENG Bingbing, ZHENG Jie
(School of Information Science and Engineering, East China University of
Science and Technology, Shanghai 200237, China)

Abstract: With the explosive growth of video data, video intelligent analysis has become the current academic and

industrial research hotspot. Video Action Detection is to obtain the location and time information of actions based on

Action Recognition. In this paper, we propose a region spatiotemporal two-in-one action detection network based on

single shot multi-box detector(SSD) with the combination of RGB space flow and optical flow. To design the improved
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nonlocal spatiotemporal module in the network, a pixel filter is proposed in optical flow to extract the information of
key motion regions, and then the correlation calculation is only performed on the selected key motion regions in the
spatial flow. The proposed module can get long-range dependence of actions effectively and improve the computational
cost of the nonlocal module, and reduce the interference of video background noise. The proposed network is tested on
the benchmark dataset UCF101-24, and the video_map reaches 43.17% @ 0.5. The results show that the proposed
network has better performance.

Key words: video action detection; SSD; two-stream network; non local model; UCF101-24
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